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1. A fossil fuel price shock is a significant unexpected change in the price of oil, natural gas or coal. In this study a
price shock corresponds to a supply shock.
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ABSTRACT
This paper focuses on the impact of oil, natural gas and coal price shocks on the
Spanish business cycle from 1969 to 2013. It uses Bayesian procedures to estimate
a Dynamic Stochastic General Equilibrium (DSGE) model for a small open econ-
omy. The paper shows that natural gas and coal shocks are relevant sources of
macroeconomic disruption in addition to oil price shocks. The three fossil fuel
prices have an impact on the economic activity and explain the evolution of the
energy mix. However, we find that oil price shocks have a significantly larger
impact on economic volatility. Finally, we assess the impact of hydrocarbon price
shocks on carbon emissions given that different price shocks result in a different
fossil fuel mix and, thus, in different CO2 emissions.
Keywords: Energy prices, Fossil fuels, DSGE models, Bayesian estimation,
Small open economy, CO2 emissions
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1. INTRODUCTION
The objective of this paper is to assess the impact of oil, natural gas and coal price shocks1
on the Spanish business cycle and CO2 emissions from 1969 to 2013. The composition of the fossil
fuel energy mix plays a role in the transmission of energy shocks, but this tends to be ignored. For
example, the decline of oil share in the fossil fuel energy mix could be a relevant reason for the
ameliorated impact of the last oil shock on the global economy and also on the Spanish economy.
According to BP (2015), oil represented 78 percent of the Spanish fossil fuel energy mix in the
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Figure 1
2. Spanish Fossil Fuel Mix
Oil Natural gas Coal
1970–1979 78% 2% 20%
1980–1989 70% 4% 26%
1990–1999 68% 10% 22%
2000–2009 63% 21% 16%
2010–2013 62% 27% 11%
Source: Authors’ calculations based on BP (2015)
70’s, but only 62 percent in 2010–2013.2 Given the relevant share of natural gas and coal in the
fossil fuel energy mix, the volatility of the international prices of both commodities could potentially
generate economic disruptions. Oil shocks and their impact on business cycles are well-studied, but
to the best of our knowledge the potential economic impact of natural gas and coal price shocks
has not been studied under a general equilibrium theoretical framework. Additionally, the evolution
of fossil fuel prices could have an impact on carbon emissions, making achieving environmental
targets easier or more difficult. Figure 1 shows the evolution of fossil fuel prices for the timeframe
of this study. Oil and natural gas prices show similar volatility, while oil price volatility is twice
that of coal.
On the other hand, the evolution of energy productivity is an interesting feature of the
Spanish economy. A systematic increase in energy productivity for fossil fuels is a common char-
acteristic of many economies (see Atallah and Blazquez (2015), for example). Surprisingly, energy
productivity in Spain has stagnated over the last 40 years. The efficiency of Spain’s energy use is
not improving, making the economy less resilient to fossil fuel price shocks. Additionally, the lack
of improvement in energy productivity tends to increase carbon emissions. In most cases, CO2
emissions are positively linked to economic activity and negatively linked to energy productivity.
A higher level of economic activity requires higher energy consumption and thus results in higher
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Figure 2
CO2 emissions. In contrast, higher energy productivity leads to lower demand for energy and a
lower level of emissions. Figure 2 shows the evolution of energy productivity in Spain and in the
USA to illustrate this point. Given this relevant and unusual feature of the Spanish economy, this
paper also addresses the cyclical properties of energy productivity.
In order to analyze the role of fossil fuel price shocks on aggregate fluctuations, we use
Bayesian procedures to estimate a Dynamic Stochastic General Equilibrium (DSGE) model. We
consider Spain to conduct this study for two reasons. The first is that Spain has negligible production
of indigenous fossil fuels. Spain imports 99 percent of its total consumption of fossil fuels. The
second reason is that Spanish demand for fossil fuels is ‘sufficiently small’ to assume that any
change in this demand has no relevant impact on international prices. These two reasons support
our decision to consider the international prices of fossil fuels independent from Spanish aggregate
demand.
The main contributions of this study are the following: i) the approach of the paper is
innovative because previous studies tend to conflate energy shocks with oil shocks and ignore the
other fossil fuels. Although DSGE models are not new, the modelling of the fossil fuel energy mix
is new in the literature on energy shocks. ii) The estimation results reflects that oil, natural gas and
coal are ‘complements’ rather than ‘substitutes’ in the productive process. This implies that the
three fossil fuels move in “parallel” when prices change. iii) We show that aggregate technological
shocks have no significant impact on fossil fuel energy productivity. The reason for this behavior
is that technological shocks stimulate the demand for energy, offsetting potential energy productivity
gains. iv) This holistic approach to the fossil fuel mix allows us to explore the impact of hydrocarbon
price shocks on carbon emissions along with the business cycle.
Finally, the relationship among fossil fuel prices and carbon emissions is not only an
academic issue. There are implications for policymakers. Climate and greenhouse objectives are
normally defined with a specific target in a particular year (for example a 40 percent reduction in
greenhouse emissions in year 2030 compared with 1990 levels). As we will show in the paper, the
evolution of fossil fuel prices has a critical impact on carbon emissions along the business cycle,
which could favor or jeopardize climate targets.
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3. See Arora and Lieskovsky (2014).
The rest of the paper is organized as follows. In section 2 we review the relevant literature
in the area. Section 3 describes the theoretical model. Section 4 discusses the estimation of the
model. Section 5 reports the results of the model. Finally, Section 6 concludes.
2. LITERATURE REVIEW
The relationship between oil prices and economic activity has been an important topic in
macroeconomic research since the oil crises of the 1970s. For example, Pindyck (1979) analyzes
the impact of energy supply and demand on economic activity. Hamilton (1983, 2011) points out
that most of the post Second World War recessions were preceded by a dramatic rise in oil prices.
Gisser and Goodwin (1986) discuss statistical evidence on the impact of oil shocks on U.S. reces-
sions. Mork (1989, 1994) offers evidence of an asymmetric relationship between oil prices and
aggregate economic activity. Olson (1988) uses quantitative estimations to analyze the relationship
among oil shocks, the fall of U.S. productivity and economic activity. Darby (1982) and Burbidge
and Harrison (1984) find similar results for other industrialized countries. All these papers suggest
that oil price shocks have a significant impact on economic growth and the business cycle.
Oil price shocks are still an important topic of economic research but, in general terms,
more recent results are less conclusive. Using cointegration and VAR methodologies, Hooker (1996)
finds that oil shocks barely contribute to aggregate fluctuations in the economy. Ferderer (1996)
and Lee et al. (1995) argue that only unexpected sharp price fluctuations have a relevant impact on
the economy. Kilian (2009) uses a SVAR model to analyze the effects of oil price shocks on
economic activity, differentiating between supply and demand shocks. Hamilton (2009) carries out
a set of diverse econometric approaches to explore similarities and differences between the 2007–
08 run-up in oil prices and other shocks. Cologni and Manera (2008) analyze the impact of oil
prices on inflation and interest rates for the G7 countries. Lardic and Mignon (2006, 2008) conclude
that the oil price was an important source of economic fluctuations in the past, but the potential
macroeconomic effects were less clear in the 2000s. Finally, Rafiq et al. (2009), Tang et al. (2010),
Malik (2010), Pierru and Matar (2014) and Bilgin et al. (2015), among others, explore the impact
of oil shocks on different developing Asian economies.
Some studies analyze the impact of oil price on U.S. activity taking into account business
cycle theory. Kim and Loungani (1992) and Finn (1995), using real business cycle models for
closed economies, find that oil price shocks have a very limited impact on the U.S. economy.
Blanchard and Gali (2009) analyze the effects of oil price shocks using a new-Keynesian theoretical
model. Using the same methodology, De Miguel et al. (2003, 2006) calibrate a real business cycle
model for different European economies and analyze how oil price shocks contribute to GDP
fluctuations.
Finally, the most recent research on oil price shocks combines a dynamic stochastic general
equilibrium model with an estimation of the model parameters using Bayesian techniques. This
approach is often called the New Macroeconometrics. Using this methodology, Medina and Soto
(2005) analyze the role of Chilean monetary policy when there is an oil shock and Sanchez (2008)
explores the transmission of oil shocks to macroeconomic variables.
Our research focuses on an unexplored area in the field of real business cycles: the impact
of natural gas3 and coal price shocks on economic activity, energy productivity and carbon emis-
sions. Hence, we expand the standard dynamic stochastic general equilibrium model to take into
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4. Please note that energy services are embedded in the utility function of the household through private consumption.
The model considers the different forms of energy as intermediate inputs used to produce final energy, which in turn is used
as input to produce the final product (Y). In this sense, part of this production goes to private consumption; so these energy
services are already implicitly incorporated in the variable Ct that appears in the utility function.
5. We are aware that nuclear and renewable energy play a relevant role in the Spanish energy system. However, our
model does not take these energy sources into consideration. We focus on the impact of unexpected fossil fuel price changes
on the business cycle, rather than on energy policies. Renewable and nuclear energy consumption responds to political
strategies that have to do with environmental concerns, energy security, industrial development, etc. In any case, these
energies represent only around 18 percent of total energy consumption.
6. Using a Cobb-Douglas function which combines labor, capital and energy in order to model the production of the
final good is standard in macroeconomic literature because it is consistent with stable shares of factors payments on national
income, as shown by the data (see Golosov et al, 2014). However, we propose a more general structure, the CES function,
for the energy part of the model. The reason is that the estimated values for the parameters of the CES function allow to
reflect different degrees of complementarity or substitution between these intermediate inputs, and this is a key point of the
paper.
consideration the three fossil fuels: oil, natural gas and coal. Finally, we also choose Bayesian
methods to estimate the parameters of the model rather than carrying out a standard model calibra-
tion.
3. THE MODEL
We develop a version of a neoclassical growth model. We represent the Spanish economy
using a dynamic stochastic general equilibrium model, assuming rational expectations and the
characteristics of a small open economy. In this model households, firms and the external sector
interact by trading a final good, government bonds and three energy inputs. Finally, there are four
possible sources of macroeconomic fluctuations: a productivity shock and three fossil fuel price
shocks (crude oil, coal and natural gas). Time is discrete and infinite. The online Appendix 1
includes a detailed resolution of the model.
3.1 The Household
The economy is made up of a representative household, which obtains utility from the
consumption of final goods and leisure. The representative household maximizes its expected utility
defined over the stochastic sequences of consumption and labor subject to a budget constraint,4
The household total income consists of three components: labor income, the return on the
real capital stock and the real return on holdings of debt. On the other hand, the current income
and financial wealth can be used for consumption, investment in physical capital and changes in
his/her portfolio.
3.2 The Firm
There are only three primary sources of energy in this economy: crude oil, natural gas and
coal5 that are used as inputs in the production function for final goods and services. The firm also
uses labor and capital as inputs. The technology of the production function for final goods (F) is a
Cobb-Douglas technology, while the production functions regarding fossil fuels, G and H, are
Constant Elasticity of Substitution technologies.6
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Table 1: Matrix of Correlations for
Fossil Fuel Prices
Oil Natural gas Coal
Oil 1 0.80 0.58
Natural Gas 1 0.43
Coal 1
Y = Z F(K , N , G(E ,H(E ,E )))t t t t o,t g,t c,t
where is the final good, represents labor, is the stock of capital, is oil, is naturalY N K E Et t t o,t g,t
gas and is coal. Finally, is the total factor productivity shock. The G and H functions modelE Zc,t t
the combination of the three fossil fuels as intermediate inputs necessary for the production of the
final good (see online appendix 1 for more details, https://www.iaee.org/energyjournal/issue/3000).
The firm which produces the final goods and services is perfectly competitive and maxi-
mizes profits subject to the technological constraint, according to which energy intermediate inputs
are necessary to produce the final good, that is, the producer of the final good is constrained by
energy costs and energy production process.
3.3 Potential Shocks to the Economic Eystem
In this economic environment, there are four potential sources of uncertainty: 1) produc-
tivity shocks, 2) oil price shocks, 3) natural gas price shocks and 4) coal price shocks. Productivity
shocks are assumed to follow a standard first-order autoregressive process.
With respect to fossil fuels, academic literature generally focuses on oil prices as the main
source of energy shocks, ignoring natural gas and coal prices. However, natural gas and coal prices
do not necessarily move in parallel with oil. Because one major purpose of the paper is to unveil
potentially distinct macroeconomic effects from the different fossil fuels, we have opted for esti-
mating the dynamic and contemporaneous stochastic relationships between them by fitting a mul-
tivariate vector autoregressive process (VAR) to fossil fuel data and using thereafter the results as
an input for the DSGE model.
In this line, Table 1 shows the simultaneous correlations among prices for the three fossil
fuels for the period 1969–2013. These prices are correlated at different degrees, suggesting that oil,
natural gas and coal price shocks are not independent.
In order to carry out an impulse response analysis, we use a Cholesky decomposition of
the variance-covariance matrix. This implies the need to identify the structural shocks by ordering
the price shocks for oil, natural gas and coal. We assume that an oil shock will also affect contem-
poraneously the prices of natural gas and coal; a natural gas price shock will affect contempora-
neously the coal price and a coal price shock will not instantaneously affect oil and natural gas
prices. This specification is based on the following evidence. First, the oil market is global, meaning
that oil shocks are immediately transmitted all around the world. Natural gas and coal are regional
markets. Second, natural gas markets are dominated by long-term contracts, usually linked to oil
prices. For this reason, natural gas prices tend to react to changes in oil prices. Finally, a significant
portion of natural gas and coal is consumed in electricity generation. In most electricity markets,
natural gas prices determine the marginal cost of production, and thus the price of electricity. The
demand for coal reacts to changes in those prices and, therefore, so do the prices of coal.
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7. We want to highlight that we ran the model using a different characterization for the causality of fossil fuel innovations.
In particular, natural gas shocks contemporaneously affect oil and coal prices and oil prices contemporaneously affect coal
prices. The qualitative results found hold under this VAR specification.
8. A value of the lambda parameter equal to 400 has been chosen. A sensitivity analysis using other values for lambda
has been carried out, and the results still hold.
9. The real consistent output is defined as the real GDP plus the consumption of oil, natural gas and coal in real terms.
Figure 3 describes the temporal evolution of the hydrocarbon prices according to the
estimated VAR. The results of the VAR estimation are key to understanding the results of the DSGE
model.
Figure 3 shows that oil is the fossil fuel with the largest innovations or largest shocks,
followed by natural gas and coal. The most relevant characteristic of this Figure is the different
evolution of the hydrocarbon prices in the medium term. An oil price shock leads to a persistent
increase in the prices of natural gas and coal. A natural gas price shock initially generates a similar
response in coal prices, but afterward the prices of the three commodities decline. This evolution
will be critical to understanding the impulse response functions of our model to price shocks. In
the case of a coal price shock, the VAR shows different characteristics from the previous cases.
First, the volatility is half that of the previous two cases and second, coal price evolution is always
positive while natural gas and oil prices have a mild negative evolution.7
4. ESTIMATING THE MODEL
We solve the model through the Blanchard-Kahn (1980) procedure. First, we log linearized
the optimality conditions (see online Appendix 1) and second, we solve the expectations to obtain
the model’s solution. Online Appendix 2 has a detailed explanation of the process.
4.1 Data
We estimate the DSGE model using four time series for the Spanish economy filtered by
HP,8 generating stationary business cycles: (1) real consistent output,9 (2) oil consumption, (3)
natural gas consumption, and (4) coal consumption. We believe that these series capture the main
dynamic aspects of the data and they contain much of the information in which we are interested.
The sample ranges from 1969 to 2013 using annual data.
BP Statistical Review of World Energy 2014 is the main source for international fossil
fuel prices and national primary energy consumption. In the case of crude oil, we use Brent as the
representative price for Spain for the period 1976–2013. For the previous years, 1969–1975, we
use the Dubai oil price, given the lack of data for Brent. The Northwest Europe market price is the
representative price for coal in the period 1987–2013. For the period 1969–1987, we use the sea-
borne US Central Appalachian coal spot price as the reference for price movements in Europe,
assuming that both series have a similar annual rate of growth.
Regarding the import price of natural gas, this is not available. For this cause and for the
period 1984–2013, we use the average German import prices as a proxy of the price of Spanish
imports. The reason behind this assumption is that natural gas markets in Europe are connected,
reducing regional divergences in prices. For the period 1969–1983 given the lack of information
for German import prices, we generate the gas price using prices provided by the US Energy
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Figure 3: Impulse Responses of Prices
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Figure 4: Model Fit. HP Filtered Series using k = 400
Information Administration. All nominal prices have been converted to euros per ton of oil equiv-
alent.
Finally, the Spanish GDP is obtained from the European Commission database.
5. IMPLICATIONS OF THE MODEL
This section analyzes how price shocks for the three hydrocarbons contribute to fluctua-
tions in the main economic variables. To this end, we first assess the overall fit of the model.
Second, we simulated the model to obtain the impulse responses to the different types of shocks
and the variance decompositions of the main variables. We must highlight that, to the best of our
knowledge, this is the first study that focuses on natural gas and coal price shocks by estimating a
DSGE model and, thus there is no previous literature on this issue.
5.1 Assessing the Fit of the Model
We need to assess the overall goodness of fit of the model before analyzing how the model
helps us to understand how shocks contribute to aggregate fluctuations in the Spanish economy. A
first test is to compare the time path of the series used in the estimation process with the model’s
predictions for the same variables. Figure 4 compares observed data and model predictions for the
series included in the estimation data set: i) real consistent output, ii) oil consumption, iii) natural
gas consumption, and iv) coal consumption.
We see that the model does a very good job of replicating the cyclical path of aggregate
output in the economy. However, the discrepancies between the observed and modeled energy
variables are relevant. Our study focuses on the impact of international hydrocarbon price shocks
on the Spanish business cycle rather than on the energy mix itself. A country’s energy mix combines
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Figure 5: Impulse Response Function to an Oil Price Shock
10. Energy mix
Model World Spain
Oil 43% 45% 69%
Natural gas 27% 24% 11%
Coal 30% 31% 20%
the evolution of international fossil fuel prices, technological conditions, household preferences and
energy policies. Our model takes no heed of energy policies, which may be why it does not repro-
duce the Spanish energy mix. However, the steady state of the model is similar to the world fossil
fuel mix,10 suggesting that in the absence of distorting policies or taxes, the ‘theoretical’ fossil fuel
mix of the Spanish economy should be quite similar to the world fossil fuel mix.
5.2 Impulse Responses
To better understand the propagation mechanisms implied by the model, this subsection
analyses the effects of fossil fuel price shocks in Spain.
As expected, oil price shocks have a negative, large and persistent impact on economic
activity. As the prices of energy inputs increase, there is a negative impact on economic activity.
The total consumption of fossil fuel energy goes down, but the impact on energy productivity is
positive because the decline in fossil fuels is greater than the decline in output. The shift toward
labor and capital leads to this result, given that the relative prices of these inputs are now lower
compared to the prices of fossil fuels. Figure 5 summarizes these results.
Oil shocks and natural gas and coal price shocks have different overall impacts. As ex-
pected, natural gas and coal price shocks initially have a negative impact on fossil fuel consumption
and output. The initial impacts are similar to those for oil, but their magnitude is smaller. However,
they subsequently evolve very differently across time than for oil. Figures 6 and 7 illustrate that,
after the first period, the initial impact reverses. Output and fossil fuel consumption increase and
energy productivity decreases. These patterns are more pronounced for natural gas and less intense
for coal. The evolution of prices in the midterm provides the reason for this apparently odd model
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Figure 6: Impulse Response Function to a Natural Gas Price Shock
Figure 7: Impulse Response Function to a Coal Price Shock
11. The International Energy Agency (2011) provides references to convert fossil fuel use to CO2 emissions: emissions
from crude oil are 610 g/kWh, emissions from natural gas are 370 g/kWh and emissions from coal are 897 g/kWh (the
average emissions from lignite, other sub-bituminous and sub-bituminous coal types).
behavior. After the initial price shocks, natural gas and oil prices decrease, with a positive impact
on economic activity and on the demand for fossil fuels. Logically, fossil fuel productivity initially
improves, but the effect turns negative later on.
5.3 CO2 Emissions
One implication of our holistic approach to the fossil fuel mix is that it allows us to analyze
the impact of energy price shocks on CO2 emissions. Using the data reported by the International
Energy Agency (2011), we transform fossil fuel consumption into carbon emissions.11 The results
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Figure 8: Impulse Response Function of Carbon Emissions
show that, logically, emissions are driven by total consumption of fossil fuels. CO2 emissions move
in parallel with total energy consumption. Figure 8 shows the evolution of carbon emissions when
there is a fossil fuel price shock.
According to our findings, shocks in the price of oil and natural gas do not significantly
change the relationship between CO2 emissions and consumed energy in calorific terms. However,
when there is a coal price shock, the energy mix shifts toward natural gas and, to a lesser extent,
to oil. Thus, there are fewer emissions per calorific unit of energy consumed.
5.4 Variance Decomposition
We now estimate the model of section 2 accounting for all four shocks. This approach
allows us to compute each shock’s contribution to aggregate fluctuations. Table 2 reports the var-
iance decomposition of the most relevant variables for the Spanish economy at various terms. Again
the estimated contribution of each shock to the relevant variables appears to be very reasonable.
Productivity shocks and oil price shocks mainly explain the forecast error variance of
fossil fuel consumption. The preeminence of oil shocks over natural gas and coal shocks is explained
by the way we defined innovations in the VAR for prices. In the case of natural gas consumption,
a price shock has a relevant impact on variance of around 10 percent. A coal price shock seems to
have a very limited impact on consumption of all fossil fuels, including coal. Logically, productivity
shocks explain the variance of the total fossil fuel consumption.
Productivity shocks explain most of the error variance in the output forecast. The rest of
the shocks have a marginal impact on the variance of Spanish output. Productivity shocks have a
negligible impact on the variance of energy productivity because energy productivity is a ratio, with
GDP as the numerator and the sum of energy consumptions as the denominator. Productivity shocks
strongly affect both the numerator and denominator, so the energy productivity is explained by
fossil-fuel shocks, in particular those of oil and natural gas.
Finally, the decomposition of the variance of carbon emissions is a balanced combination
of productivity shocks and fossil fuel price shocks. The reason behind this behavior is that changes
in economic activity and consumption of hydrocarbons as well as changes in the composition of
the fossil fuel mix have an impact on emissions volatility.
6. CONCLUSIONS AND POLICY IMPLICATIONS
A significant number of studies focus on the impact of energy price shocks on macroec-
onomic fluctuations. However, academic research tends to conflate energy price shocks with oil
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Table 2: Variance Decompositions
price shocks. This approach could be misleading, since natural gas and coal have a relevant share
of the fossil fuel mix. Using an innovative approach, this paper models the fossil fuel energy sector
of a small open economy more accurately by accounting for natural gas and coal prices as well as
oil prices. To assess the impact of fossil fuel price shocks on the Spanish economy, we create a
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Dynamic Stochastic General Equilibrium model for a small open economy and estimate it using a
Bayesian procedure.
This study shows that fossil fuel prices are strongly correlated and tend to move in parallel,
suggesting that hydrocarbon prices respond to the same perturbations or shocks and affect economic
activity simultaneously. Normally a sharp shift in oil prices is accompanied by a sharp shift in
natural gas and coal prices. This is an additional justification for considering a holistic modeling
of the energy sector at a macro level.
A result of the estimation of the model is that oil, natural gas and coal are complementary
inputs, meaning that oil, natural gas and coal consumption tend to move in parallel. In other words,
the economy demands simultaneously more (or less) oil, natural gas and coal. An increase in oil
prices not only decreases the demand for oil, but the demand for gas and coal as well. To the best
of our knowledge, this is the first time that these parameters have been estimated at a macroeconomic
level.
We find that productivity shocks and, to lesser extent, oil price shocks explain most of the
volatility of output, while the contribution of natural gas and coal price shocks is marginal. Para-
doxically, productivity shocks have a negligible impact on energy productivity. Nevertheless, the
three fossil fuel prices are relevant to understand the evolution of fossil fuel consumption and carbon
emissions.
Policymakers tend to define carbon emission targets independently from the macroeco-
nomic environment. For example, the European framework on climate and energy 2030 sets a 40
percent reduction in greenhouse emissions below the 1990 level as a binding target. This reduction
is independent from the cyclical situation of the economy and from fossil fuel price levels. Our
study shows that the volatility of carbon emissions, and thus the level of carbon emissions in a
particular year, is influenced by productivity shocks and fossil fuel prices. A sharp increase in fossil
fuel prices favors a significant decrease in carbon emissions and the same happens when there is a
negative technological shock. Thus, the success of the European climate and energy agenda will
depend on the policy implemented, but it will also depend critically on the level of fossil fuel prices.
The definition of alternative carbon emission targets is out of the scope of this study, but the cyclical
component of emissions is something that must be addressed to evaluate climate polices.
This study does not consider the role of energy policies that could substantially change
the impact of fossil fuel prices on economic activity, the demand for primary energy and carbon
emissions. This could be a potential line of future research.
ACKNOWLEDGMENTS
Pe´rez and Ruiz would like to thank the Spanish Ministry of Economy and Competitiveness
for the financial support provided through grant ECO2015-67305-P. Martı´n-Moreno thanks Spanish
Ministry of Economy and Competitiveness and the Xunta de Galicia for financial support through
grants ECO2015-68367-R and “Programa de Consolidacio´n e Estructuracio´n de Unidades de In-
vestigacio´n Competitivas do Sistema Universitario de Galicia 2014, de la Consellerı´a de Cultura,
Educacio´n e Ordenacio´n Universitaria (referencia GRC2014/021)”. The authors thank the helpful
comments by the editor, three anonymous referees, and Lester Hunt.
REFERENCES
Arora, V. and J. Lieskovsky (2014). “Natural Gas and U.S. Economic Activity.” The Energy Journal 35(3): 167–182. https:/
/doi.org/10.5547/01956574.35.3.8.
Fossil Fuel Price Shocks and CO2 Emissions / 175
Open Access Article
Atallah, T. and J. Blazquez (2015). “How Coal fuelled global growth and slowed energy productivity gains in the early 21st
century”, KAPSARC Discussion Paper 06A.
Atkinson, S. E. and R. Halvorsen (1976). “Interfuel substitution in steam electric power generation.” The Journal of Political
Economy 959–978. https://doi.org/10.1086/260492.
Bilgin, M.H., G. Gozgor, and G. Karabulut (2015). “The impact of world energy Price volatility on aggregate economic
activity in developing Asian economies.” The Singapore Economic Review 60(1): 1–20. https://doi.org/10.1142/
s0217590815500095.
Blanchard, O. J., and J. Gali (2009). “The Macroeconomic Effects of Oil Shocks: Why are the 2000s So Different from the
1970s?” In International Dimensions of Monetary Policy, J. Gali and M. Gertler, eds., University of Chicago Press:
Chicago, 337–421
Blanchard, O.J. and C.M. Kahn (1980). “The Solution of Linear Difference Models Under Rational Expectations,” Econ-
ometrica 48: 1305–1312. https://doi.org/10.2307/1912186.
Bruno, C. and F. Portier (1995). “A Small Open Economy RBC Model: the French Economy Case.” In Advances in Business
Cycle Research. Pierre-Yves Henin, eds., Springer. https://doi.org/10.1007/978-3-642-57817-5_6.
Burbidge, J. and A. Harrison (1984). “Testing for the effects of oil-price rises using vector autorregressions.” International
Economic Review 25(2): 459–484. https://doi.org/10.2307/2526209.
Burniaux, J.M. and P. Truong (2002). “GTAP-E: an energy-environmental version of the GTAP Model”. GTAP Technical
Paper No. 16.
Cologni, A. and M. Manera (2008). “Oil prices, inflation and interest rates in a structural cointegrated VAR model for the
G7 Countries.” Energy Economics 30: 856–888. https://doi.org/10.1016/j.eneco.2006.11.001.
Correia, I., J.C. Neves, and S. Rebelo (1995). “Business cycles in a small open economy.” European Economic Review 39:
1089–1113. https://doi.org/10.1016/0014-2921(94)00105-9.
Darby, M. R. (1982). “The price of Oil and World Inflation and Recessions.” The American Economic Review 72: 738–
751.
De Miguel, C., B. Manzano, and J.M. Martin-Moreno (2003). “Oil price shocks and aggregate fluctuations.” The Energy
Journal 24(2): 47–61. https://doi.org/10.5547/issn0195-6574-ej-vol24-no2-2.
De Miguel, C., B. Manzano, and J.M. Martin-Moreno (2006). “Oil shocks and the business cycle in Europe.” In Economic
Modelling of Climate Change and Energy Policies. New Horizons in Environmental Economies. Edward Elgar.
Ferderer, J. P. (1996). “Oil Price Volatility and the Macroeconomy.” Journal of Macroeconomics 18(1): 1–26. https://doi.org/
10.1016/S0164-0704(96)80001-2.
Ferna´ndez-Villaverde J., P. Guerro´n-Quintana, and J. Rubio-Ramı´rez (2008). “The new macroeconometrics: A Bayesian
approach”. In O’Hagan A, West M., eds., Handbook of applied Bayesian analysis. Oxford University Press, New York.
Finn, M. (1995). “Variance properties of Solow’s productivity residual and their cyclical implications.” Journal of Economic
Dynamic and Control 19: 1249–1281. https://doi.org/10.1016/0165-1889(94)00826-4.
Gisser, M. and T.H. Goodwing (1986). “Crude oil and Macroeconomy: Test of Some Popular Notions.” Journal of Money,
Credit and Banking 18(1): 95–103. https://doi.org/10.2307/1992323.
Golosov, M., J. Hassler, P. Krusell, and A. Tsyvinski (2014). “Optimal Taxes on Fossil Fuel in General Equilibrium”.
Econometrica 82(1): 41–88. https://doi.org/10.3982/ECTA10217.
Greenwood, J., Z. Hercowitz, and G. Huffman, (1988). “Investment, capacity utilization and the real business cycle.”
American Economic Review 78: 971–987.
Griffin, J.M. (1977). “Inter-fuel substitution possibilities: a translog application to intercountry data.” International Economic
Review 755–770. https://doi.org/10.2307/2525959.
Hamilton, J.D. (1983). “Oil and the Macroeconomy since World War II.” Journal of Political Economy 91: 228–248. https:/
/doi.org/10.1086/261140.
Hamilton, J.D. (1994). Time Series Analysis. Princeton, NJ: Princeton University Press.
Hamilton, J.D. (2009). “Causes and Consequences of the Oil Shock of 2007–08.” National Bureau of Economic Research.
No. WP 15002. https://doi.org/10.3386/w15002.
Hamilton, J. D. (2011). “Nonlinearities and the Macroeconomic Effects of Oil Prices.” Macroeconomic Dynamics 15(Sup-
plement 3): 364–378. https://doi.org/10.1017/S1365100511000307.
Hooker, M.A. (1996). “What Happened to the Oil Price-Macroeconomy relationship?” Journal of Monetary Economics 38:
195–213. https://doi.org/10.1016/S0304-3932(96)01281-0.
International Energy Agency. (2011). Emissions from fuel combustion.
Kilian, L. (2009). “Not All Oil Price Shocks are Alike: Disentangling Demand and Supply shocks in the Crude Oil Market.”
American Economic Review 19: 1053–69. https://doi.org/10.1257/aer.99.3.1053.
Kim, I. and P. Loungani (1992). “The Role of Energy in Real Business Cycle Models.” Journal of Monetary Economics
29: 173–189. https://doi.org/10.1016/0304-3932(92)90011-P.
176 / The Energy Journal
Open Access Article
Lardic, S. and R. Mignon (2006). “The impact of oil prices on GDP in European countries: and empirical investigation
based on asymmetric cointegration.” Energy Policy 34: 3910–3915. https://doi.org/10.1016/j.enpol.2005.09.019.
Lardic, S. and R. Mignon (2008). “Oil prices and economic activity: An asymmetric cointegration approach.” Energy
Economics 30: 847–855. https://doi.org/10.1016/j.eneco.2006.10.010.
Lee, Kiseok, Shawn Ni and R. A. Ratti (1995). “Oil Shocks and the Macroeconomy: The Role of Price Variablility.” The
Energy Journal 16(4): 39–58. https://doi.org/10.5547/ISSN0195-6574-EJ-Vol16-No4-2.
Lim, G.C and P.D. McNelis, (2008). Computational Macroeconomics for the Open Economy. MIT Press.
Malik, A. (2010). “Oil prices and economic activity in Pakistan.” South Asia Economic Journal 11: 223–244. https://doi.org/
10.1177/139156141001100204.
Martı´n-Moreno, J.M., R. Perez, and J. Ruiz (2014). “A real business cycle model with tradable and non-tradable goods for
the Spanish economy.” Economic Modelling 36: 204–212. https://doi.org/10.1016/j.econmod.2013.09.044.
Martı´n-Moreno, J.M. (1998). “Ciclos reales en economı´as abiertas: una aplicacio´n al caso espan˜ol.” Moneda y Cre´dito 207:
87–113.
Medina, J.P. (2005). “Oil shocks and Monetary Policy in an estimated DSGE model for a small open economy.” Banco
Central de Chile. WP 353.
Mork, K. A. (1989). “Oil and the Macroeconomy When Prices Go Up and Down: An Extension of Hamilton’s Results.”
Journal of Political Economy 97: 740–744. https://doi.org/10.1086/261625.
Mork, K. A. (1994). “Business Cycles and the Oil Market.” The Energy Journal 15(Special issue): 15–38. https://doi.org/
5547/ISSN0195-6574-EJ-Vol15-NoSI-3.
Olson, M. (1988). “The Productivity Slowdown, the Oil Shocks and the Real Cycle.” The Journal of Economic Perspectives
2: 43–70. https://doi.org/10.1257/jep.2.4.43.
Pierru, A. and W. Matar (2014). “The impact of Oil Price Volatility on Welfare in the Kingdom of Saudi Arabia: Implications
for Public Investment Decision-making.” The Energy Journal 35(2): 97–116. https://doi.org/10.5547/01956574.35.2.5.
Pindyck, R. S. (1979). “Interfuel substitution and the industrial demand for energy: an international comparison.” The
Review of Economics and Statistics 169–179. https://doi.org/10.2307/1924584.
Prescott, E.C. (1986), “Theory ahead of business cycle measurement.” Quarterly Review 10(4): 9–33, Federal Reserve Bank
of Minneapolis, Minneapolis, MN. https://doi.org/10.1016/0167-2231(86)90035-7.
Rafiq, S., R. Salim, and H. Bloch (2009). “Impact of crude oil Price volatility on economic activities: An empirical inves-
tigation in the Thai economy.” Resources Policy 34: 121–132. https://doi.org/10.1016/j.resourpol.2008.09.001.
Ruge-Murcia, F. J. (2007). “Methods to Estimate Dynamic Stochastic General Equilibrium Models.” Journal of Economic
Dynamics and Control 31: 1599–2636. https://doi.org/10.1016/j.jedc.2006.09.005.
Sanchez, M. (2008). “Oil shocks and endogenous markups: results from an estimated euro area DSGE model.” European
Central Bank. WP 860.
Schmitt-Grohe´, S. and M. Uribe (2003).” Closing small open economy models.” Journal of International Economics 61:
163–185. https://doi.org/10.1016/S0022-1996(02)00056-9.
Tang, W., L. Wu, and Z. Zhang. (2010). “Oil Price shocks and their short and long-term effects on the Chinese economy.”
Energy Economics 32: 3–14. https://doi.org/10.1016/j.eneco.2010.01.002.
U.S. Energy Information Administration. “Fuel competition in power generation and elasticities of substitution.” Independent
Statistics & Analysis, June (2012).
Reproduced with permission of copyright owner. Further
reproduction prohibited without permission.
